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Abstract 

This study investigates the dual impact of Generative AI tools on business value in knowledge work, 

focusing on value co-creation and co-destruction. Drawing from three case studies across diverse 

industries and over a year of GenAI integration, we analyzed qualitative insights from 15 industry 

experts. We contextualized our insights using the value co-creation and co-destruction framework and 

the value discipline lens. Our findings reveal GenAI’s nuanced role in enhancing operational efficiency, 

enabling innovative solutions through supporting complex problem-solving and more creative employee 

engagement, and strengthening customer intimacy through mechanisms such as depth or availability of 

the interaction. However, risks such as over-reliance on AI, quality concerns, and the erosion of critical 

human judgment skills complicate its adoption. By balancing these perspectives and explaining the 

value creation logic, this study provides a nuanced understanding of GenAI’s role in shaping business 

value, offering actionable recommendations for effective and sustainable integration. 

 

Keywords: Generative AI, Knowledge Work, Value Co-Creation, Value Co-Destruction, Impact 

 

1 Introduction 

Generative Artificial Intelligence (GenAI) has emerged as a transformative innovation, particularly in 

the domain of knowledge work, where it holds the potential to enhance productivity, creativity, and 

strategic decision-making (Dell’Acqua et al., 2023; Mariani & Dwivedi, 2024). Unlike traditional AI 

systems, which primarily focus on analysing and predicting outcomes from predefined data, GenAI 

introduces a fundamentally new paradigm by generating novel content, ideas, and solutions. This 

generative capability has far-reaching implications for knowledge-intensive fields such as marketing, 

software development, health care and education to rate accelerate operations, enhance innovation and 

drive business value across the whole field (Shollo et al., 2022; Retkowsky et al., 2024).  

Knowledge work refers to professional activities that are primarily cognitive, non-routine, and 

creativity-driven, requiring expertise, problem-solving, and continuous adaption to new information 

(Hislop, 2018). Unlike routine labour, knowledge work is characterized by intellectual complexity, 

decision-making under uncertainty, and the integration of domain-specific knowledge into strategic or 

problem-solving processes. Knowledge work includes a wide range of professional areas, such as 

marketing, software development, health care and education (Kuusisto & Meyer, 2003). 

With the rise of Artificial Intelligence (AI) and GenAI, knowledge work is undergoing a transformation 

in the entire work system where AI can automate repetitive cognitive tasks, augment human capabilities, 

and reshape creative and decision-making processes (Bruhin, 2024). Historically, knowledge work was 

considered resistant to automation due to its reliance on tacit knowledge, intuition, and contextual 

understanding (Lacity & Willcocks, 2016). However, advancements in GenAI now enable automation 
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in areas such as marketing, software development (Bruhin et al., 2024; Brynjolfsson et al., 2023), health 

care (Gupta et al., 2021), and education (Rudolph et al., 2023), altering the balance between human 

expertise and machine-generated insights (Brynjolfsson et al., 2023). Prior research has focused on 

exploring productivity and efficiency gains from GenAI integration in knowledge work (e.g., 

Brynjolfsson & McAfee, 2016; Shollo, et al., 2022; Retkowsky et al., 2024; Hislop, 2018). Despite its 

promises, there is still a lack of clarity around the dual impact of GenAI on knowledge work – how it 

not only generates value but also may introduce inefficiencies, risks, or unintended consequences. This 

ambiguity makes it challenging for organizations to assess whether GenAI genuinely improves decision-

making and problem-solving or simply adds new layers of complexity and potential disruption. 

Additionally, rising costs associated with untargeted GenAI development (Kaddour et al., 2023) 

highlight the need for a clearer understanding of where and how GenAI investments generate value. 

Without this understanding, organizations risk misallocating resources failing to capture real business 

benefits, or even experiencing value destruction, and struggle with expanding IT costs.  

This study addresses these gaps by investigating both the enabling and constraining effects of GenAI on 

business value creation in knowledge work. Specifically, we explore how GenAI contributes to value 

co-creation and value co-destruction in knowledge work. Our research is motivated by practical 

challenges observed in real-world implementations, as well as by conceptual and empirical gaps in the 

existing literature. To achieve this, we pose the following research question: 

RQ: How does GenAI enhance and constrain business value creation in knowledge work? 

To address this question, we use a theory-elaborating case study (Ketokivi & Choi, 2014) across three 

organizations. All organizations considered in the study have at least one year of experience using 

GenAI, focusing on diverse knowledge work applications. Our study draws on 15 in-depth informal 

conversations with industry experts and applies two theoretical lenses: First, the lens of Value Co-

Creation and Value Co-Destruction (Echeverri & Skålén, 2011) to assess both positive and negative 

effects of GenAI on business value creation. And second the Value Discipline Framework (Treacy & 

Wiersema, 1992), which provides a structured perspective to investigate how GenAI supports or 

constrains operational excellence, product leadership, and customer intimacy. 

By providing a detailed analysis of GenAI’s role in business value creation and destruction processes of 

GenAI’s, this study offers both practical insights for organizations to optimize their GenAI investments 

and theoretical contributions to the understanding of GenAI’s dual impact  

This paper is structured as follows: First, we review related literature on GenAI’s business value 

implications. Next, we outline the theoretical frameworks guiding our analysis and describe the methods 

used to collect and analyze data. Subsequently, we present our findings, followed by a discussion of 

implications, limitations, and directions for future research. 

2 Theoretical Background 

2.1 Creating Value through Generative Artificial Intelligence (GenAI) 

GenAI represents a paradigm shift in knowledge work, where AI is no longer limited to analysing and 

predicting predefined data but actively contributes to content generation, creative augmentation, and 

decision support. Given that knowledge work is inherently cognitive, non-routine, and creativity-driven, 

requiring expertise, problem-solving, and continuous adaptation to new information (Hislop, 2018), the 

integration of GenAI presents both opportunities and challenges for business value creation. 

Historically, knowledge work was considered resistant to automation due to its reliance on tacit 

knowledge, intuition, and contextual understanding (Lacity & Willcocks, 2016). However, recent 

advancements in AI have enabled automation and augmentation in areas such as content creation, 

software development, pharmacology, consulting, and education, fundamentally altering the balance 

between human expertise and machine-generated insights (Kuusisto & Meyer, 2003; Brynjolfsson et al., 

2023; Gupta et al., 2021; Rudolph et al., 2023). 

One key area of value creation with GenAI lies in content generation and creativity, where GenAI's 

ability to produce novel text, images, and other media augments human capabilities (Dakhel et al., 2023). 
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This enables professionals to explore new creative directions and deliver unique, high-quality outputs 

at scale. For instance, marketing teams can leverage GenAI to generate personalized advertising 

campaigns, while product developers can explore alternative designs using AI-generated prototypes. 

These capabilities significantly broaden the creative bandwidth of teams and enhance their ability to 

innovate. Another critical dimension of GenAI’s value is its role in fostering human-AI collaboration. 

Unlike earlier AI systems designed to assist with close-ended, task-specific objectives, GenAI creates 

opportunities for co-creation by working alongside humans in iterative processes. This dynamic not only 

enhances productivity but also supports complex problem-solving and innovation (Barke et al., 2023; 

Mehler & Krautter, 2024). For example, GenAI tools can propose solutions or generate ideas that human 

collaborators refine, creating outcomes that neither party could achieve alone. 

GenAI’s unique characteristics — such as its probabilistic output, general-purpose functionality, and 

ability to generate novel products and services — further differentiate it from traditional AI. These traits 

allow GenAI to impact domains beyond decision-making, extending its influence into areas like strategic 

planning, customer engagement, and product development (Berente et al., 2021; Sun et al., 2023). For 

example, generative capabilities enable organizations to deepen customer relationships through hyper-

personalized interactions and recommendations, which were not achievable with previous AI models. 

While GenAI shares foundational characteristics with traditional AI, such as autonomy, self-learning 

capabilities, and inscrutability, its generative nature requires a reevaluation of its role in value creation 

(Eloundou et al., 2023; Zhang et al., 2024). Traditional AI supports operational efficiency and decision-

making by analyzing historical data, while GenAI enables the proactive creation of value through 

innovation-driven processes and knowledge expansion (Mehler & Krautter, 2024). This paradigm shift 

underscores the importance of studying more in-depth how GenAI’s impact on business value unfolds 

and which attributes of the technology eventually enable or enhance business value creation. 

2.2 Value Co-Creation and Value Co-Destruction 

Considering recent pressing challenges faced by organizations – particularly the rising costs of GenAI 

development and the uncertainty around its actual value contribution – there is growing need to better 

understand the dual impact of GenAI on business value creation.  

The integration of GenAI into knowledge work introduces a dual impact on business value, serving both 

as an enabler of value co-creation and a potential source of value co-destruction. Understanding this 

dual impact requires a structured theoretical approach. GenAI can both act as a catalyst for value co-

creation and as a potential driver of value co-destruction in knowledge work. Addressing this complex 

dynamic requires a structured theoretical framework that captures not only the enabling aspects of 

GenAI but also the conditions under which it may constrain or undermine value creation. The theoretical 

lens of Echeverri & Skålén (2011) on value co-creation and value co-destruction provides a suitable 

framework for such an analysis. Applying this perspective allows us to explore how GenAI facilitates 

collaborative value generation while also accounting for the risks associated with the misuse, over-

reliance, or misaligned implementation in knowledge work. 

Value co-creation refers to the collaborative processes between stakeholders—such as employees, 

customers, and technology providers—through which resources, skills, and knowledge are pooled to 

generate mutual benefits (Echeverri & Skålén, 2011; Plé & Cáceres, 2010). In contrast, value co-

destruction occurs when interactions between these stakeholders lead to negative outcomes, such as 

inefficiencies, diminished engagement, or other unintended consequences that detract from overall value 

(Järvi et al., 2018). 

In the context of GenAI, value co-creation involves collaborative processes where employees, 

technology, and organizational structures synergize to produce mutual benefits. GenAI enables co-

creation by augmenting employees’ capacities, facilitating knowledge sharing across teams, and 

fostering enhanced productivity and collaboration. This perspective highlights how GenAI supports 

efficient and creative problem-solving, empowering employees to focus on strategic and complex tasks, 

rather than routine ones (Plé & Cáceres, 2010; Schulz et al., 2021). Moreover, GenAI’s adaptable and 
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context-sensitive nature allows employees to shape its outputs, fostering ownership and engagement 

that are essential for sustained value creation. 

In contrast, value co-destruction represents risks and negative outcomes that may arise when GenAI 

tools are misused or excessively relied upon, leading to diminished productivity and engagement. While 

GenAI can enhance efficiency, it also presents challenges, such as over-reliance on AI for decision-

making, which can erode employees’ critical thinking and problem-solving skills over time (Echeverri 

& Skålén, 2011; Järvi et al., 2018). Additionally, limitations inherent to GenAI, such as 

misinterpretations and costly errors if users fail to critically assess its suggestions.  

Despite growing interest in value co-creation and co-destruction specifically to GenAI in organizational 

contexts, there is limited research applying such a dual view on productivity. Current literature often 

emphasizes either the productivity gains or technical capabilities of GenAI (Barke et al., 2023; 

Dell’Acqua et al., 2023; Liang et al., 2024; Mehler & Krautter, 2024), without addressing the nuanced, 

dual nature of value creation and destruction that arises when these tools are integrated into complex 

organizational environments. 

2.3 Business Value Disciplines 

To better understand how GenAI enables or constrains organizations in their ability to create and sustain 

business value, we build on the value disciplines framework, first introduced by Treacy & Wiersema 

(1992). This framework identifies three core value disciplines that companies can prioritize to gain 

competitive advantage: Operational Excellence, Product Leadership, and Customer Intimacy. Each of 

these disciplines provides a strategic lens through which organizations can evaluate where and how 

GenAI contributes to business value creation. By integrating GenAI into these dimensions, 

organizations can align AI adoption with their overarching strategic goals, optimizing its potential while 

mitigating associated risks – particularly those linked to potential value co-destruction, such as its 

misuse, over-reliance, or misaligned implementation in knowledge work.  

The first value discipline, Operational Excellence, focuses on streamlining processes, reducing costs, 

and improving productivity (Eichen, 2006). GenAI can support operational excellence by automating 

repetitive, high-volume tasks, thus allowing human resources to be reallocated to strategic areas (Moraes 

et al., 2022). This is particularly relevant for knowledge-intensive industries like software development, 

where AI tools can enhance developer efficiency by minimizing time spent on low-value tasks (Schmidt, 

2023). Operational excellence as a value discipline helps organizations identify areas where GenAI can 

yield the greatest process improvements, ensuring that investments in AI contribute to overall 

organizational efficiency.  

The second value discipline, Product Leadership, emphasizes innovation and differentiation, enabling 

organizations to create market-leading solutions that set them apart from competitors (Hagel & Singer, 

1999). In this domain, GenAI serves as a key enabler of innovation by facilitating complex problem-

solving, creative design processes, and advanced data-driven insights. For instance, in product 

development, GenAI assists in generating new ideas, optimizing design alternatives, and even predicting 

customer trends to enhance product-market fit. In industries such as pharmacology, media, and 

engineering, AI-driven models help professionals accelerate research, prototype new solutions, and 

identify emerging opportunities (Beheshti, 2023). Unlike traditional AI systems that focus on efficiency 

alone, GenAI fosters creativity and experimentation, allowing organizations to explore solutions beyond 

human cognitive limitations. Through this, organizations can leverage GenAI not just for productivity 

gains but as a core driver of sustained competitive advantage and differentiation (Osterwalder & 

Pigneur, 2010). 

The third value discipline, Customer Intimacy, focuses on understanding and personalizing customer 

interactions to enhance relationships and long-term loyalty (Treacy & Wiersema, 1992). Through AI-

driven analytics, sentiment analysis, and real-time response capabilities, GenAI enables organizations 

to engage with customers more effectively and tailor interactions to meet individual needs. In 

knowledge-intensive settings, where relationships and tailored service are crucial, customer intimacy as 
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a value discipline helps to identify how GenAI can enhance customer satisfaction and loyalty by 

providing responsive, personalized support (Bauer et al., 2019). 

While empirical evidence suggests that GenAI facilitates value creation and enhances competitive 

advantage across these three value disciplines, its role in value co-creation and potential value co-

destruction remains insufficiently explored. Consequently, both practice and academia lack critical 

insights into the specific considerations required when developing GenAI applications, as well as the 

distinctive attributes that a GenAI co-creator should possess to effectively support the value creation 

process. 

3 Research Method 

3.1 Methodology 

In this research, we employ a theory-elaborating case study approach following Ketokivi & Choi (2014) 

to explore the impact of GenAI tools in organizations across different industries that have been using 

GenAI tools to increase their competitiveness for more than a year. Case study research is particularly 

well-suited for investigating complex phenomena within real-life contexts, as it allows for an in-depth 

exploration of processes, perceptions, and interactions (Yin et al., 2018). By analysing companies from 

telecommunication and software development, finance, and insurance sectors—referred to as 

TeleComp, FinanComp, and InsurComp—we aimed to gain a comprehensive understanding of how 

GenAI tools enable or constrain business value creation that recognized domain cross-case patterns and 

avoid single-sided impressions (Eisenhardt, 1989). 

3.2 Data Collection 

Between January 2024 and October 2024, we conducted in-depth, informal conversations (Swain & 

King, 2022) with 15 industry experts working in organizations based in Central Europe. By using 

informal conversations within the context of research-practice collaborations, we created a comfortable 

setting that encouraged participants to naturally share nuanced insights (Swain & King, 2022) about 

their experiences with GenAI tools. Unlike formal interviews, informal conversations create a more 

relaxed environment that encourages participants to share insights beyond structured prompts. As 

Warren et al. (2003, p. 107) describe, valuable information often emerges “after the interview” when 

the recording device is off, as participants feel less restricted and speak more openly. This highlights the 

importance of a naturalistic approach to data collection, where informal conversations are a valuable 

alternative to interviews, capturing unfiltered insights that might otherwise remain unspoken. The 

participants represented a range of roles, including IT Managers, IT Executives, IT Operations Analysts, 

Product Owners, Platform Architects, and Solution Train Engineers, ensuring diverse perspectives 

across multiple levels of expertise. 

The informal conversations took place over multiple iterations, with each participant contributing a total 

of 120 and 300 minutes, across multiple sessions, allowing them to share detailed, in-depth experiences 

with GenAI tools. Throughout the discussions, During the series of conversations, the researchers 

ensured alignment with the study’s objective by steering the discussions through targeted questions. 

They also took extensive notes and created transcripts to support the analysis and maintain focus on the 

study’s aims throughout. 

We opted for three distinct cases from different knowledge-intensive industries, namely 

telecommunication and software development, financial services, and insurance (Yin et al., 2018). Each 

of the organizations has at least one year of experience using GenAI tools. By integrating insights from 

multiple cases and a variety of expert roles, this approach enabled us to obtain in-depth insights, 

enhancing both the validity and generalizability of the exploratory findings (Eisenhardt, 1989). 

Table 1 provides an overview of the collected material. To comply with data protection agreements 

established with participating partners, the participants have been anonymized, though their roles, 

affiliated organizations, and the estimated total time spent in the conversations are disclosed. 
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Case Company Participant ID Role in Organization Discussion Time 

(approx. in min.) 

TeleComp I1 IT Manager 140 

 I2 IT Manager 120 

 I3 IT Operations Analyst 165 

 I4 IT Executive 245 

 I5 Product Owner & Platform Architect  300 

FinanComp I6 IT Manager 150 

 I7 Release Train Engineer 125 

 I8 IT Executive 180 

 I9 DevOps Engineer 140 

 I10 Product Owner 249 

InsurComp I11 IT Manager 200 

 I12 IT Executive 180 

 I13 Product Owner 130 

 I14 Solution Train Engineer 120 

 I15 IT Manager 155 

Table 1. Overview of the industry experts. 

3.3 Data Analysis 

To analyse our data, in the first step, we performed open and axial coding of our interview data following 

Strauss & Corbin (1998) to uncover concepts and dimensions in our data to detect patterns in the 

underlying interview data. Next, we reviewed our codes, identified relationships, and grouped them into 

categories, considering how these categories might be linked and to help reveal overarching themes 

(Krippendorff, 2004). We applied this method to categorize the key insights we obtained from the 

informal conversations with our 15 industry experts. 

In the second step, we aligned the emergent categories with the guiding theoretical frameworks 

following a theory-elaboration approach (Ketokivi & Choi, 2014) to redefine and extend the existing 

theoretical concepts. Rather than developing a new theory, we used these frameworks as analytical tools 

to structure our findings, identify new nuances, and contextualize the role of GenAI in business value 

creation. Specifically, we used the Value Discipline Lens Treacy & Wiersema (1992) and the Value Co-

Creation and Co-Destruction Lens based on Echeverri & Skålén (2011). This mapping process allowed 

us to contextualize the categories within the dual roles of GenAI: its ability to enhance value creation 

and its potential to constrain value realization. 

Table 2 provides an illustrative example of the content analysis performed in this study. 

Illustrative Data Category 

Quote I2: “With automation through AI, I save 80% 

of working time.” 

Task Removal 

Quote I5: “GenAI takes care of routine tasks, 

allowing our team to focus on high-value work that 

demands critical thinking and problem-solving.” 

Workload Reduction 

Quote I12: “AI is great for repetitive tasks, but when 

applied to complex situations without human 

judgment, it risks creating costly errors that can be 

hard to undo.” 

Contextual Human Judgement 

Quote I11: “AI can be a boost on productive days 

but a hindrance on less productive days.” 

Productivity Variability 
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Table 2. Illustrative example of the content analysis. 

Additionally, we conducted a cross-case comparison to enhance the robustness and transferability of our 

findings. The content analysis process was carried out by one author, who was responsible for the initial 

coding, while the other authors reviewed and validated the coding scheme to ensure external validity 

and minimize potential bias. Following Yin et al. (2018), examining multiple case studies strengthens 

the reliability and application of research outcomes across diverse contexts. By identifying similarities 

and differences across organizational settings, we were able to generalize key themes while 

acknowledging the unique contexts of each case (Patton, 1990). Despite variations among the 

organizations studied, the cross-case analysis revealed consistent patterns, contributing to a robust and 

validated understanding of GenAI’s impact on knowledge work. 

This combined approach of inductive content analysis, theoretical mapping, and cross-case comparison 

allowed us to provide a nuanced, qualitative understanding of how GenAI contributes to value creation 

and where it may lead to value co-destruction. The theoretical frameworks served not only as analytical 

tools but also as lenses to categorize and interpret GenAI’s dual roles in enabling and constraining value 

outcomes. 

4 Results 

The results of our qualitative cross-case analysis highlight the dual impact of GenAI on business value 

in the categories operational excellence, product leadership, and customer intimacy. This shows how 

GenAI has the potential to both enhance and reduce business value. Table 3 provides a summary of our 

findings, which are described in detail in the following subsections. 

Dimension GenAI Value Co-Creation GenAI Value Co-Destruction 

Operational 

Excellence 

Task Removal  

Value is created when GenAI automates 

repetitive, process-driven tasks, freeing 

employees to apply their contextual 

understanding and decision-making skills. 

The combination of machine efficiency and 

human strategic oversight enhances overall 

productivity and cost-effectiveness. 

Contextual Human Judgement 

Value is destructed when GenAI is used for 

nuanced tasks that require human judgment, 

and human oversight fails to correct AI-

generated errors. The lack of synergy 

between AI's capabilities and human 

intervention leads to costly mistakes and 

lost productivity. 

Workload Reduction 

By handling simpler components of a task, 

GenAI creates space for professionals to 

focus on higher-level or new 

responsibilities. The interplay between AI-

driven support and human creativity enables 

a more comprehensive approach to 

productivity and innovation. 

Productivity Variability 

Inconsistent collaboration between 

employees and GenAI can result in 

fluctuating productivity levels. Misaligned 

expectations, unclear task delegation, or 

over-reliance on the AI can hinder stable 

performance, reducing overall efficiency. 

Product 

Leadership 

Complexity Increase in Problem-Solving 

Capability 

Teams leverage GenAI's ability to process 

vast amounts of data and generate insights 

while applying their own domain expertise 

and critical thinking to refine and implement 

solutions. The collaboration unlocks 

innovative, forward-thinking approaches to 

product development that neither could 

achieve alone. 

Quality Risks 

Over-reliance on GenAI in critical tasks, 

combined with insufficient human input, 

can degrade the quality of outputs. When 

humans fail to compensate for GenAI's lack 

of nuanced understanding, the collaboration 

risks producing suboptimal results that harm 

overall outcomes. 

Creative Employee Engagement 

When GenAI takes over monotonous and 

routine tasks, employees can channel their 

energy into high value, stimulating work. 

Dependency on GenAI 

Continuous reliance on GenAI for problem-

solving diminishes employees' engagement 

with complex tasks, leading to a gradual 
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This balance of AI efficiency and human 

creativity fosters better engagement, 

enabling teams to achieve higher-quality 

and more impactful results. 

loss of critical thinking skills. The resulting 

dependency undermines the human side of 

the collaboration, limiting adaptability and 

professional growth. 

Customer 

Intimacy 

Availability of Customer Services 

GenAI provides 24/7 availability for 

immediate and consistent customer service, 

while humans step in to manage complex or 

emotionally sensitive situations. The 

partnership ensures faster responses without 

sacrificing personalized and empathetic 

problem-solving. 

Loss of Customer Connection 

When customer interactions are overly 

delegated to GenAI, employees lose 

opportunities to engage meaningfully with 

customers. This weakens the personal 

connection, eroding trust and reducing the 

overall value created in the relationship. 

Depth of Customer Satisfaction 

GenAI analyses customer data to deliver 

personalized recommendations and 

responses, while employees build on these 

insights to deepen the emotional connection 

and trust with the customer. The synergy 

between machine-generated precision and 

human relational skills enhances loyalty and 

satisfaction. 

Loss of Empathic Problem-Solving Skill 

Excessive use of GenAI in customer-facing 

tasks minimizes employees’ involvement in 

addressing emotional or complex customer 

needs. Over time, this interplay diminishes 

their problem-solving skills and emotional 

intelligence, leading to a gradual erosion of 

deep customer relationships. 

Table 3. Overview of GenAI Value Co-Creation and Co-Destruction. 

4.1 GenAI Value Co-Creation 

4.1.1 Operational Excellence 

GenAI drives value creation through the removal of repetitive, process-driven tasks, enabling 

employees to focus on strategic activities that require contextual understanding and decision-making. 

This synergy between machine efficiency and human oversight enhances productivity and cost-

effectiveness. For instance, an IT manager at FinanComp noted, “With automation through AI, I save 

80% of working time.” By reallocating routine tasks to GenAI, organizations optimize resource 

allocation and unlock new levels of operational efficiency. 

GenAI tools can also support employee productivity through workload reductions. Through its ability 

to manage simpler aspects of tasks, GenAI fosters an environment where professionals can focus on 

high-level responsibilities or explore new opportunities. This balance between AI-driven support and 

human creativity boosts productivity and innovation. A Product Owner & Platform Architect at 

TeleComp highlighted this interplay, stating, “GenAI takes care of routine tasks, allowing our team to 

focus on high-value work that demands critical thinking and problem-solving. This shift not only boosts 

our productivity but also lightens the mental load, letting us engage more deeply with complex tasks.” 

4.1.2 Product Leadership 

GenAI’s ability to process large datasets and generate insights enhances complex problem-solving 

capabilities when paired with human domain expertise and critical thinking. This collaboration unlocks 

innovative, forward-thinking solutions for product development. An IT manager at FinanComp 

explained, “With AI, I want to solve problems that are not solvable without it.” This complementary 

relationship ensures organizations can remain competitive by addressing complex challenges 

effectively. 

By automating monotonous and routine tasks, GenAI allows employees to focus their efforts on 

stimulating, high-value activities. This balance fosters creative employee engagement and leads to 

higher-quality and impactful results. An IT Executive at InsurComp emphasized the importance of 

meaningful work, stating, “My task as a manager is to keep my people fit in their mind for future 
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technologies.” The interplay between AI efficiency and human creativity empowers teams to thrive in 

dynamic and innovative environments. 

4.1.3 Customer Intimacy 

GenAI's 24/7 availability of customer services enhances the company’s responsiveness, providing 

immediate support while freeing employees to manage complex or emotionally sensitive situations. This 

partnership between AI consistency and human empathy ensures seamless and personalized service. An 

IT Manager at TeleComp explained, “The fact that AI can handle requests anytime adds a layer of 

reliability our clients appreciate. They feel assured that support is there when they need it, no matter 

the time.” This responsiveness aligns well with increasing customer demands for immediate support, 

making GenAI a valuable asset in maintaining strong customer relationships. 

GenAI’s ability to analyse customer data facilitates personalized recommendations and interactions, 

creating opportunities for employees to deepen customer satisfaction and build a more personal 

connection. This collaboration enhances loyalty and satisfaction. A Product Owner at InsurComp noted, 

“Our AI system picks up on customer sentiments and tailors responses accordingly, which helps build 

trust and makes our clients feel understood.” This synergy between AI-driven insights and human 

engagement strengthens brand affinity, ensuring long-term customer loyalty and a competitive edge in 

the market. 

4.2 GenAI Value Co-Destruction 

4.2.1 Operational Excellence 

Business value can be compromised when GenAI is applied to tasks that require nuanced human 

judgment but lack sufficient oversight. This loss in contextual human judgement can lead to 

significant errors and reduced productivity, ultimately leading to costly corrections. An IT Executive at 

InsurComp explained, “AI is effective for repetitive tasks, but when applied to complex situations that 

need human oversight, it risks introducing costly errors that are difficult to correct.” 

Productivity variability can arise as a co-destructive outcome when GenAI is used for tasks requiring 

nuanced judgment without sufficient human oversight, leading to errors that disrupt workflows and 

productivity. On days when employees are fully engaged, GenAI can amplify their performance by 

effectively supporting their efforts. However, as an IT Manager at InsurComp explained, “AI can be a 

boost on productive days but a hindrance on less productive days.” When focus or decision-making is 

compromised, GenAI-generated outputs that lack the required contextual sensitivity may demand 

additional scrutiny and corrections, increasing cognitive load instead of easing it. This lack of synergy 

between AI capabilities and human intervention not only introduces inefficiencies but also creates 

frustration among employees, making it difficult to maintain stable workflows and consistent 

performance. 

4.2.2 Product Leadership 

Over-reliance on GenAI for tasks requiring nuanced judgment can threaten product quality. When 

critical tasks lack sufficient human oversight, the risk of errors increases, potentially compromising the 

integrity of outputs. For example, employees at FinanComp admitted to being “overly dependent on 

ChatGPT,” which resulted in mistakes during complex coding processes. This underscores the essential 

role of human intervention in ensuring AI-generated results align with organizational standards. Without 

this balance, product quality, customer satisfaction, revenue, and the company’s reputation can be 

negatively affected. 

Another risk to product leadership is the potential dependency on GenAI, which may diminish 

employees’ problem-solving abilities. As employees increasingly rely on GenAI for generating ideas or 

tackling complex tasks, they may become less inclined to brainstorm independently or develop unique 

solutions, leading to a decline in their critical thinking and adaptability. An IT Manager at InsurComp 

highlighted this concern, explaining: “If we rely too much on AI, we risk losing the creative drive and 
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problem-solving skills that come from independent thinking”. This dependency could ultimately reduce 

team resilience, as employees may feel less equipped to handle challenges on their own, undermining 

the organization’s long-term adaptability and innovation capacity. 

4.2.3 Customer Intimacy 

Excessive delegation of customer interactions to GenAI weakens personal connections, reducing trust 

and loyalty. An IT Manager at FinanComp remarked, “We’re at risk of losing customer connection when 

AI handles personal interactions.” Maintaining a balance between AI efficiency and human engagement 

is critical for preserving customer relationships. 

The delegation of customer interactions to GenAI is not without challenges in maintaining genuine 

customer connections. Outsourcing key touchpoints to GenAI risks losing customer connection 

between customers and employees. which is vital for building lasting relationships. An IT Manager at 

FinanComp emphasized, “We’re at risk of losing customer connection when AI handles personal 

interactions,” This highlights the delicate balance required to maintain personal customer intimacy 

while leveraging GenAI to gain depth into the intimacy. 

Overuse of GenAI in customer-facing roles can reduce employees’ involvement in addressing complex 

or emotionally sensitive issues. This can negatively impact their problem-solving abilities and emotional 

intelligence, leading to a loss in human problem-solving skills. A Product Owner at InsurComp shared, 

“As we rely more on AI for customer issues, I’m concerned our team is losing the ability to think 

critically and connect with customers on a personal level.” This loss diminishes the organization’s 

ability to maintain deep and meaningful customer relationships. 

Figure 1 provides an overview of how humans and GenAI contribute to a company’s business value. 

 

 

Figure 1. GenAI-enabled Value Co-Creation and Co-Destruction. 
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This study sheds light on the complex, dual impact of GenAI on business value by systematically 

examining both value co-creation and co-destruction within knowledge work. Our study extends 

existing research, which has primarily explored GenAI potential to enhance productivity and innovation, 

as well as its benefits in automating routine tasks and reducing operational costs from a general 

perspective (Brynjolfsson et al., 2023; Dell’Acqua et al., 2023; Li et al., 2024). With our study, we 

provide a more nuanced understanding of how GenAI creates and constrains value across three strategic 

dimensions: Operational excellence, product leadership, and customer intimacy. Specifically, our 
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findings align with previous studies, confirming that GenAI facilitates operational excellence by 

automating repetitive processes and allowing employees to concentrate on strategic tasks. Moreover, 

our study extends the understanding of GenAI’s role in product leadership by illustrating how AI-driven 

tools can foster innovative solutions, namely by supporting complex problem-solving and contributing 

to more creative employee engagement. Thus, with our study, we provide a more nuanced in in-depth 

understanding of the how these rather general outcomes (operational efficiency, product leadership and 

customer intimacy) are achieved. 

In the context of operational excellence, our findings confirm that GenAI drives productivity gains by 

automating and augmenting repetitive tasks, allowing them to focus on strategic and high-value 

activities. This process improves operational efficiency through two key mechanisms: workload 

reduction—where GenAI augments tasks to lighten the load on employees, increasing productivity—

and task removal, in which GenAI fully automates certain processes, freeing employees to dedicate time 

to other critical areas. However, this same automation introduces risks of loss of contextual human 

judgement, as critical contextual judgments may be overlooked when tasks are entirely automated. 

Furthermore, variability in productivity arises when employees struggle to adapt to the interplay between 

AI-driven outputs and their own workflows, which can lead to inconsistent performance and frustration. 

It is important to note that while GenAI often acts as a co-creator by augmenting human work, in some 

cases, tasks are entirely handed over to GenAI. This transfer of competencies shifts responsibility from 

humans to AI, which is efficient in certain contexts but may reduce opportunities for collaborative value 

creation. 

In terms of product leadership, GenAI enables organizations to solve more complex challenges and 

enhance creativity by broadening the scope of what teams can achieve. GenAI supports innovative 

solutions by processing vast datasets and offering insights that human teams can refine and implement. 

Employees also benefit from engaging in more meaningful, creative tasks as GenAI handles routine 

responsibilities. However, these opportunities come with risks, including quality at risk — where over-

reliance on GenAI can compromise outputs if human oversight is insufficient — and dependency on 

GenAI, which can diminish employees’ critical thinking and problem-solving abilities over time.  The 

role of GenAI as a co-creator is particularly evident in product leadership, where collaboration between 

human expertise and AI-generated insights drives innovation. However, when employees become overly 

dependent on GenAI, the balance shifts from co-creation to a full transfer of creative responsibilities, 

which may hinder human adaptability in the long term. 

In the domain of customer intimacy, GenAI’s generative nature allows for greater depth of personalized 

services and enhances availability, enabling 24/7 support that strengthens customer relationships in ways 

that previous, discriminative AI systems could not achieve. By combining AI-driven precision with 

human empathy, organizations can deliver tailored interactions and foster deeper trust and loyalty. 

However, over-delegation of customer interactions to GenAI risks a loss of connection, weakening the 

personal relationships essential for long-term customer loyalty. Additionally, overuse of GenAI in 

customer-facing roles can erode employees’ empathic problem-solving skills, reducing their ability to 

address emotionally or contextually sensitive issues effectively. Here, too, GenAI can act either as a co-

creator, enhancing employee capabilities in delivering personalized services, or as a full substitute, 

taking over tasks entirely. While the latter approach is efficient, it may undermine the collaborative 

aspects of value creation between humans and AI. 

This study also highlights the broader implications of GenAI’s generative nature, which differentiates 

the value creation logic from traditional AI. Unlike prior discriminative AI models, GenAI can actively 

contribute to creativity, enabling organizations to achieve unprecedented levels of customization, 

innovation, and collaboration. For example, its ability to generate new ideas, content, or personalized 

responses enhances both operational and relational value, but this generative capacity also demands 

greater scrutiny to mitigate unintended consequences, such as errors in creative outputs or diminished 

employee engagement. However, the degree to which GenAI serves as a co-creator or as a standalone 

agent depends on the specific use case and the level of human involvement maintained in the process. 

This research provides valuable contributions for both academia and practice. 
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For academic research, our findings contribute to the Value Disciplines Lens (Treacy & Wiersema, 

1992) by demonstrating how GenAI supports and constrains the pursuit of operational excellence, 

product leadership, and customer intimacy. The study reveals that while GenAI facilitates co-creation 

by augmenting human capabilities, some interactions represent more of a delegation or outsourcing of 

tasks rather than genuine co-creation. For example, automation through GenAI often replaces human 

input entirely, creating efficiency but reducing opportunities for collaborative problem-solving and 

contextual judgment. Additionally, we extend the Value Co-Creation and Co-Destruction 

Framework (Echeverri & Skålén, 2011) by exploring the conditions under which co-creation or co-

destruction occurs. Effective co-creation requires balanced human-AI collaboration, where employees 

actively shape AI-driven outcomes and maintain responsibility for quality. Conversely, co-destruction 

arises when this balance is disrupted—either through over-reliance on AI or insufficient integration of 

human oversight. By analyzing these dynamics, our study provides deeper insights into how 

organizations can maximize GenAI’s co-creative potential while managing its co-destructive risks. 

For practitioners, our findings present actionable insights into GenAI value co-creation and co-

destruction, helping decision-makers in organizations make informed decisions about integrating GenAI 

effectively. Managers can use these insights to optimize the use of GenAI tools, enhance productivity 

while mitigating potential risks. Additionally, our proposed framework serves as a guide for balancing 

benefits and potential risks, enabling organizations to strategically adopt GenAI. 

First, when developing GenAI prototypes, organizations should prioritize leveraging GenAI’s unique 

capabilities to deepen customer interactions. Instead of deploying GenAI for generalized purposes, 

businesses should focus on harnessing its potential to deliver personalized and context-sensitive 

customer experiences, thereby strengthening customer loyalty and satisfaction. Second, co-destruction 

risks must be proactively managed. For instance, in the domain of product leadership, mitigating "quality 

risks" requires comprehensive employee training to prevent over-reliance on GenAI outputs. Employees 

should be encouraged to critically evaluate AI-generated content and maintain ultimate responsibility 

for decision-making, ensuring that human oversight upholds quality standards. Third, organizations 

should design GenAI adoption strategies that emphasize collaboration between human expertise and AI 

capabilities. By maintaining a human-in-the-loop approach, companies can enhance the co-creative 

potential of GenAI while preventing the erosion of critical human skills, such as problem-solving and 

creativity. By implementing these strategies, practitioners can maximize GenAI's value-creation 

potential while reducing its risks, fostering a more balanced and sustainable approach to integrating this 

transformative technology into organizational workflows. These approaches will also help managers 

effectively communicate the benefits and limitations of GenAI to stakeholders, paving the way for 

successful adoption and long-term competitive advantage. 

6 Conclusion, Limitations and Outlook 

In our study, we propose a conceptual framework that categorizes GenAI’s dual impact into co-creation 

and co-destruction, linking these dynamics to operational, product, and customer outcomes. This 

framework provides a systematic foundation for examining GenAI's generative capabilities, particularly 

in knowledge-intensive fields.  

While this study offers valuable insights into the dual impact of GenAI on business value in knowledge 

work, several limitations must be acknowledged. First, our research is based on a limited number of case 

studies within specific industries, potentially affecting the generalizability of our findings. Although we 

employed a cross-case analysis to enhance robustness, future studies should extend the research to a 

broader range of industries and organizational contexts to develop a more comprehensive understanding 

of GenAI’s impact. Additionally, our study relied on informal discussions with industry experts as a 

qualitative method. While this approach provides rich, in-depth insights into participants’ experiences, 

it may introduce biases related to subjective interpretations of GenAI’s value. Future research could 

incorporate quantitative metrics to validate and expand on our findings, offering a more measurable 

assessment of GenAI’s effects on productivity, decision-making quality, and customer engagement. 
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Another limitation lies in the focus on organizations with over a year of experience with GenAI tools. 

This scope may overlook the challenges and learning curves faced by companies in earlier stages of 

adoption. Longitudinal studies tracking the evolution of GenAI’s role over time could yield valuable 

insights into how its impact on co-creation and co-destruction evolves as organizations mature in their 

use of the technology. 

Looking ahead, future studies could refine and extend the proposed framework by developing 

quantitative metrics for the dimensions identified, providing a clearer understanding of how each 

contributes to business value creation and destruction. Additionally, further research could examine the 

interplay between these dimensions, deepening our understanding of their bundled nature and collective 

influence on organizational outcomes. This would help organizations to better navigate the dual impact 

of GenAI, maximizing co-creation and mitigating co-destruction risks. 

Additionally, we recognize the potential to deepen the understanding of GenAI’s role in knowledge 

work and business value creation by applying the theory of affordances, e.g. following the definition of 

Markus & Silver (2008). Investigating how GenAI shapes and limits action possibilities could provide 

valuable theoretical insights into how it functions as both an enabler and a constraint. This would allow 

for a more in-depth understanding of how human interaction with GenAI unfolds both as an enabler and 

a constraint. The affordance perspective would offer a nuanced understanding of how GenAI is not just 

a tool for automation but an active influence on how knowledge workers interact with technology, adapt 

their workflows, and derive value. This approach could help clarify the mechanisms through which 

GenAI fosters or hinders value co-creation and co-destruction. 

Furthermore, future research should also incorporate the customer perspective in relation to customer 

intimacy within the business value disciplines framework. Understanding how GenAI enhances or 

constrains customer relationships and service personalization will provide deeper insights into its role 

in fostering customer engagement, trust, and satisfaction. 

Beyond these aspects, another potential avenue for future research is to further examine the dynamics 

of human-GenAI collaboration. This would require a more detailed analysis of how GenAI's unique 

capabilities afford human action and how human responses co-constitute value creation and destruction. 

Investigating this interaction in greater depth could provide a richer theoretical foundation for 

understanding the mechanisms of co-creation and co-destruction, offering insights into how knowledge 

workers and AI shape outcomes together. 

Ultimately, the goal is to advance this framework into a comprehensive model that not only illustrates 

the relationships between value co-creation and co-destruction but also provides actionable mechanisms 

for guiding GenAI’s integration. Such a model would support practitioners in making informed, strategic 

decisions and communicating the benefits and limitations of GenAI to stakeholders, fostering 

sustainable and competitive adoption in knowledge-intensive industries. 
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